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* Traditional view of the PPA
Same or Different

— Parahippocampal “Place” Area from the previous trial? e Task: Placeness judgment * Fast-Event Related AdaptaﬁOH Design
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— Specific module for “scene” processing (1: same, 2: different)

e Stimuli
* More Recent view v’ 8 Different images were repeated * Fast-Event Related

Same: Press 1
Different: Press 2
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Textures How likely is it that these two images are

from the same room?

e However, not much is known about how the
PPA represents texture in the context of a scene

— The stimuli used in previous studies were patches
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* |t has been suggested that the texture information
might provide a cue to identifying a scene
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[PPA-L: Colored according to Hypothesis 1] Measurement of representational similarity between
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* PPA localization: Scene - Face (p <.0001) representational distinctions revealed by behavior (e.g., placeness judgment)

* One-back repetition detection task
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